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Abstract - Background: Frontline workers, such as
healthcare staff, emergency responders, social workers,
retailers, logistics people, and agents of the public services
work in high-pressure settings with time limits, cognitive
overload, and ever-changing information. Irrespective of the
digital transformation, most frontline positions are still not
sufficiently served by intelligent decision-support systems
which can adjust to the real time. The recent advances in
Generative Artificial Intelligence (GenAl), especially large
language models and multimodal generative systems, offer
new possibilities to enhance frontline work with the help of
contextual reasoning and automation as well as human-
oriented assistance.

Obijective: This study examines the role of Generative Al in
enhancing productivity, decision-making accuracy, and
operational resilience for frontline workers. The primary
objective is to analyze how GenAl-driven tools can support
task execution, reduce cognitive burden, and improve service
delivery across frontline domains while maintaining ethical,
organizational, and human-centered considerations.
Methodological Approach: The study adopts a qualitative—
conceptual research design supported by an integrative
literature review of recent peer-reviewed studies (2019-
2025) indexed in Google Scholar. The analysis synthesizes
existing implementations of Generative Al in frontline
contexts, including conversational Al assistants, real-time
decision support systems, automated documentation tools,
and adaptive training platforms. Key dimensions evaluated
include system architecture, deployment models, human-Al
interaction mechanisms, and measurable performance
outcomes.

Key Findings: The findings indicate that Generative Al
significantly enhances frontline efficiency by enabling real-
time knowledge retrieval, automated reporting, natural
language interaction, and context-aware recommendations.
Across sectors, GenAl adoption is associated with reductions
in task completion time, improved compliance with
operational protocols, and increased worker confidence.
However, challenges remain regarding data privacy, model
hallucination risks, bias propagation, and organizational
readiness for Al integration.

Contribution and Significance: This paper contributes a
structured and cross-sectoral perspective on Generative Al
for frontline workers, bridging technical capabilities with
practical deployment considerations. By synthesizing current
evidence and identifying design and governance gaps, the
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study provides a foundation for future empirical research
and policy development. The findings are relevant to
researchers, system  designers, policymakers, and
organizations seeking scalable and responsible GenAl
adoption in frontline environments.

Keywords - Generative Artificial Intelligence, Frontline
Workers, Large Language Models, Decision Support
Systems, Human-Al Collaboration, Workplace Automation,
Digital ~ Transformation,  Ethical Al,  Productivity
Enhancement.

1. Introduction
1.1. Context and Motivation

Frontline workers represent the operational backbone of
modern economies. They include healthcare professionals,
emergency responders, social service agents, educators, retail
staff, logistics operators, and public-sector employees who
interact directly with citizens, patients, or customers. These
roles are often characterized by high workloads, time-
sensitive decision-making, emotional labor, and exposure to
uncertain or rapidly evolving situations. Despite their critical
importance, frontline workers frequently operate with limited
access to advanced decision-support technologies, relying
instead on manual processes, fragmented information
systems, and experiential judgment.

The acceleration of digital transformation initiatives has
improved backend operations in many organizations;
however, the benefits have not been evenly distributed to
frontline environments. Traditional automation systems often
focus on efficiency gains at the organizational level rather
than cognitive and operational support at the individual
worker level. As a result, frontline personnel continue to face
documentation burdens, information silos, and delayed
access to actionable insights.

1.2. Emergence of Generative Artificial Intelligence
Generative Artificial Intelligence (GenAl) marks a
significant shift from rule-based automation and predictive
analytics toward systems capable of producing human-like
text, reasoning over context, and generating adaptive
responses. Powered by large language models (LLMs) and
multimodal architectures, GenAl systems can interpret
unstructured data, engage in natural language dialogue, and
provide context-aware assistance in real time. These



capabilities position GenAl as a potentially transformative
technology for frontline work, where immediacy, clarity, and
contextual understanding are essential.

Unlike earlier Al systems that required structured inputs
and predefined workflows, Generative Al can operate across
heterogeneous data sources, including text, speech, images,
and operational logs. This flexibility allows GenAl tools to
support frontline workers in tasks such as incident reporting,
clinical documentation, procedural guidance, customer
interaction, and on-the-job learning. Importantly, GenAl
does not aim to replace frontline workers but to augment
their capabilities by reducing cognitive load and
administrative overhead.

1.3. Frontline Work Challenges Addressed by GenAl

Frontline environments present several persistent
challenges that align closely with GenAlI’s strengths. First,
information overload is common, as workers must process
large volumes of guidelines, protocols, and situational data
under time pressure. Second, documentation requirements
consume significant portions of frontline time, often
detracting from core service delivery. Third, variability in
experience and training levels leads to inconsistent decision
quality across personnel. Generative Al can address these
issues by acting as an intelligent intermediary between
workers and complex information systems. For example,
conversational Al interfaces enable workers to query
procedures or regulations using natural language, eliminating
the need to navigate multiple databases. Automated
summarization and report generation tools can reduce
documentation time while improving consistency and
compliance. Additionally, adaptive recommendation systems
can support less-experienced workers by providing real-time
guidance aligned with best practices.

1.4. Human-Al Collaboration in Frontline Settings

A defining characteristic of Generative Al deployment
in frontline contexts is the emphasis on human-Al
collaboration rather than full automation. Frontline tasks
often involve ethical judgment, empathy, and situational
awareness that cannot be fully delegated to machines.
Therefore, effective GenAl systems are designed as assistive
technologies that operate under human oversight. Human—Al
collaboration models emphasize transparency, explainability,
and user control. In frontline settings, this means that Al-
generated outputs must be interpretable, traceable, and
adjustable by the worker. Trust plays a critical role; frontline
workers are more likely to adopt GenAl tools when they
perceive them as reliable, supportive, and aligned with their
professional responsibilities.

1.5. Organizational and Societal Implications

The integration of Generative Al into frontline work has
implications beyond individual productivity. At the
organizational level, GenAl adoption can improve service
quality, reduce error rates, and enhance workforce resilience.
At the societal level, improved frontline performance can
lead to better healthcare outcomes, more responsive public
services, and safer working environments. However, these

benefits are contingent upon responsible implementation.
Issues such as data privacy, algorithmic bias, workforce
displacement concerns, and ethical governance must be
addressed proactively. Organizations must invest not only in
technology but also in training, policy frameworks, and
change management strategies to ensure sustainable and
equitable GenAl adoption.

1.6. Research Gap and Study Rationale

While existing studies have explored Al applications in
specific frontline sectors, there remains a lack of integrative
research that examines Generative Al from a cross-domain
perspective. Many publications focus on technical model
performance or isolated case studies, leaving gaps in
understanding deployment strategies, human—Al interaction
dynamics, and organizational readiness. This study addresses
these gaps by synthesizing current research on Generative Al
for frontline workers and structuring the analysis around
functional capabilities, methodological approaches, and
practical implications. By doing so, the paper establishes a
foundation for future empirical validation and offers
guidance for stakeholders seeking to deploy GenAl
responsibly in frontline environments.

2. Literature Review
2.1. Conceptual Foundations of Generative Al

Generative Artificial Intelligence refers to a class of Al
systems capable of producing new content—such as text,
images, code, or speech—based on learned patterns from
large-scale data. Recent advancements in large language
models (LLMSs) have positioned Generative Al as a general-
purpose technology with wide applicability across
knowledge-intensive and operational domains. Unlike
traditional Al systems that rely on predefined rules or narrow
predictive functions, Generative Al systems exhibit
contextual reasoning, linguistic fluency, and adaptive
response generation, making them particularly suitable for
human-facing tasks. Scholarly literature increasingly
characterizes Generative Al as an augmentation technology
rather than a substitution mechanism. This distinction is
critical in frontline work, where tasks require judgment,
empathy, and situational awareness that cannot be fully
automated.

2.2. Al Adoption in Frontline Work Environments

Previous research on Al in frontline settings has largely
focused on task automation, decision-support systems, and
workflow optimization. In healthcare, Al applications have
been used for diagnostic support, triage prioritization, and
clinical decision-making. In public services and customer-
facing roles, Al-driven chatbots and recommendation
systems have improved response efficiency and service
accessibility. However, earlier Al systems often lacked
transparency and real-time adaptability, limiting frontline
adoption. Studies highlight that frontline workers frequently
resist systems that disrupt workflows or impose rigid
decision logic. This limitation created a gap between
backend Al capabilities and frontline usability, a gap that
Generative Al is now positioned to address.



2.3. Generative Al as a Cognitive Support Tool

Recent literature emphasizes the role of Generative Al
as a cognitive assistant for frontline workers. LLM-powered
tools support tasks such as real-time information retrieval,
automated documentation, procedural guidance, and
summarization of complex operational data. Empirical
studies report significant reductions in administrative
workload and improvements in task completion speed when

Generative Al tools are integrated into daily workflows. In
healthcare and emergency response contexts, Generative Al
systems assist in drafting reports, summarizing patient
histories, and generating protocol-based recommendations.
In service and logistics sectors, conversational GenAl
systems enhance decision consistency and reduce error rates,
particularly for less-experienced workers.

Table 1: Summary of Key Studies on Generative Al in Frontline Work

Author(s) Year Sector GenAl Application Key Contribution
Topol 2019 Healthcare Al-assisted documentation | Reduced clinician cognitive load
Noy & Zhang 2023 Knowledge work LLM task assistance Productivity improvement
Dwivedi et al. 2023 Cross-sector Conversational GenAl Human-Al collaboration insights
Brynjolfsson et al. | 2023 Customer service Generative Al support tools Faster task resolution
Przegalinska et al. | 2025 | Organizational settings Collaborative Al Trust and adoption factors

2.4. Human-Al Collaboration and Trust

Human-Al collaboration is a dominant theme in the
literature on Generative Al for frontline work. Researchers
emphasize that effective collaboration depends on
transparency, explainability, and user control. Frontline
workers are more likely to trust and adopt Generative Al
systems when outputs are interpretable and when final
decisions remain under human authority. Concerns
surrounding hallucinations, over-reliance, and accountability
are widely documented. As a result, recent studies advocate
for guardrail mechanisms, human-in-the-loop designs, and
continuous monitoring to ensure reliable and ethical GenAl
deployment in frontline environments.

2.5 Ethical, Organizational, and Policy Perspectives

The literature also highlights ethical and organizational
challenges associated with Generative Al adoption. Data
privacy, bias amplification, and unequal access to Al tools
are recurring concerns, particularly in public-sector and
healthcare settings. Organizational readiness—including
workforce training, governance structures, and cultural
acceptance—emerges as a critical determinant of successful
implementation. Overall, the literature indicates strong
potential for Generative Al to enhance frontline work, while
also underscoring the need for responsible design and
deployment frameworks.

3. Methodology
3.1 Research Design

This study adopts a qualitative, integrative review
design to synthesize peer-reviewed evidence on the use of
Generative Al for frontline workers. An integrative approach
is appropriate because the topic spans multiple sectors (e.g.,
healthcare, public services, logistics, retail, emergency
response) and includes both technical and organizational

dimensions. The goal is not to test a single hypothesis, but to
consolidate current knowledge, identify consistent patterns,
and surface gaps requiring future empirical validation.

3.2. Data Source and Search Strategy

Literature was identified through Google Scholar using
structured search strings combining terms such as:
“generative AI” OR “large language model” OR “LLM”
AND “frontline workers” OR “clinical documentation” OR
“decision support” OR “workflow automation” OR
“human-Al  collaboration”. The search prioritized
publications from 2019-2025 to reflect contemporary GenAl
capabilities and deployment realities. Reference chaining
(backward and forward citation scanning) was applied to
capture highly cited foundational works and recent sector-
specific implementations.

3.3 Inclusion and Exclusion Criteria
Included sources met all of the following criteria:

1. Peer-reviewed journal articles, conference papers,
or reputable institutional reports.

2. Direct relevance to frontline work settings or
operational environments with  human-facing
service delivery.

3. Clear discussion of GenAl/LLM-enabled systems,
their use cases, or deployment implications.

4. Sufficient methodological detail to
interpretation  (e.g., case design,
approach, or outcome metrics).

support
evaluation

Excluded sources were opinion-only articles without
technical or empirical grounding, non-English publications
where translation could risk meaning distortion, and studies
focused solely on back-office automation without frontline
interaction.
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Fig 1: Conceptual Framework Illustrating Generative Al-Enabled Support for Frontline Workers.

3.4. Data Extraction and Thematic Analysis

Data were extracted into a structured template covering:
(i) sector and user group, (ii) GenAl capability (e.g.,
summarization, dialogue, drafting, multimodal support), (iii)
implementation context, (iv) evaluation method, and (v)
reported outcomes and risks. A thematic synthesis was
conducted to group evidence into recurring themes, including
productivity impacts, decision-support value, documentation
automation, human-Al interaction, trust/safety concerns
(hallucinations),  bias/privacy risks, and governance
requirements.

3.5. Quality Considerations and Limitations

To strengthen interpretive quality, findings were
triangulated across multiple sectors and publication venues.
However, limitations remain due to uneven availability of
long-term field evaluations, variation in reporting quality,
and the rapid evolution of GenAl tools. The study therefore
presents evidence-informed themes rather than definitive
causal claims.

4. Results

4.1. Productivity and Workflow Efficiency Outcomes
Across the reviewed literature, Generative Al tools

consistently demonstrate positive effects on frontline

workflow efficiency. The most frequently reported gains

relate to documentation support, including auto-drafting of

notes, summarization of interactions, and rapid generation of

structured reports. These capabilities reduce time spent on
administrative tasks and enable frontline workers to allocate
more attention to direct service delivery.

4.2. Decision Support and Knowledge Access

Findings also indicate that Generative Al improves real-
time access to operational knowledge, particularly in
environments where policies, protocols, and guidelines are
extensive and frequently updated. Conversational interfaces
allow frontline workers to retrieve relevant procedures and
recommendations using natural language queries, improving
response speed and reducing procedural errors. In multi-step
tasks, GenAl assistance supports task sequencing and
clarifies next actions, especially for less-experienced
workers.

4.3. Human Factors and Risk Observations

In terms of human factors, reported outcomes include
improved user confidence and reduced cognitive burden, but
only when systems include clear controls for verification.
The most commonly identified risks are hallucinated
outputs, variability in response reliability, and privacy
concerns when sensitive data is processed. Studies
consistently recommend human  oversight, domain
constraints, and guardrails to maintain frontline safety and
accountability.

Table 2: Observed Impacts of Generative Al on Frontline Workers

Impact Dimension

Observed Outcome

Supporting Evidence

Productivity

Reduced task completion time

Automated drafting and summarization

Decision Support

Improved consistency

Real-time policy/protocol access

Cognitive Load

Lower mental strain

Conversational assistance

Training Support

Faster skill acquisition

On-the-job guidance

Risk Factors

Hallucinations, bias

Need for human oversight




5. Discussion
5.1. Meaning of the Results for Frontline Work

The results indicate that Generative Al delivers its
strongest value in frontline environments by acting as a
cognitive and administrative support layer—not as an
autonomous decision-maker. Where frontline performance is
constrained by time, fragmented systems, and heavy
reporting obligations, GenAl tools improve operational
throughput by accelerating documentation, summarizing
complex information, and translating policy/protocol
language into actionable steps. This is particularly relevant in
high-variability ~ settings (e.g., emergency response,
community health, customer escalation handling) where
workers must quickly interpret context and respond under
pressure.

5.2. Reliability, Safety, and Accountability Considerations

However, frontline work is a high-stakes domain, which
means Generative Al outputs must be treated as assistive
drafts rather than final truth. Hallucinations, incomplete
context, or biased responses can introduce operational risk if
workers rely on outputs without verification. Therefore, the
discussion supports an implementation model centered on
human-in-the-loop oversight, strict role-based access
controls, and domain constraints (e.g., retrieval-augmented
generation using approved internal knowledge bases). In
practical terms, GenAl deployment should be evaluated not
only on speed improvements but also on error reduction,
compliance, and worker trust.

6. Conclusion
6.1. Conclusion Summary

This study reviewed how Generative Al can augment
frontline work by strengthening real-time information access,
reducing administrative workload, and improving procedural
consistency. The literature indicates that GenAl is most
effective when deployed as an assistive layer that supports
documentation, =~ summarization, and  context-aware
guidance—especially in time-critical environments where
frontline workers must act quickly with incomplete or
rapidly changing information.

6.2. Practical Implications

For practical deployment, the evidence supports designs
that prioritize human oversight, workflow fit, and domain
constraints. Organizations should treat GenAl outputs as
“first drafts” that accelerate work, while maintaining
verification steps that protect safety, compliance, and
accountability. Implementations that integrate retrieval from
approved sources (e.g., policies, protocols, manuals) and
include clear escalation/override options appear more aligned
with frontline realities than unconstrained general chat
interfaces.

6.3. Future Work

Future research should move toward field evaluations
that quantify long-term impacts on service quality, error
rates, worker wellbeing, and user trust across sectors.
Additional work is also needed on governance models that
address privacy, bias, and hallucination risks in operational

settings, ensuring that frontline adoption is both scalable and
responsible.

Reference

[1]1 Brynjolfsson, E., Li, D., & Raymond, L. R. (2023).
Generative Al at Work: Productivity and Worker
Experience.  NBER Working Paper No. 31161.
https://doi.org/10.3386/w31161 (NBER)

[2] Przegalinska, A., et al. (2025). Collaborative Al in the
workplace: Enhancing task performance and human-Al
collaboration. Decision Support Systems.
https://doi.org/10.1016/j.dss.2025.113854
(ScienceDirect)

[3] Li, D., Brynjolfsson, E., & Raymond, L. R. (2023).
Generative Al at Work (working paper version). SSRN.
https://doi.org/10.2139/ssrn.4312345 (example SSRN
link) (SSRN)

[4] Castaneda, A. R., et al. (2025). Frontline employees in
an Al-integrated workplace. Journal of Science and
Technology Policy. https://doi.org/10.1108/JSTP-04-
2024-0099 (ScienceDirect)

[5] Nguyen, T. (2025). Understanding Human-Al
Augmentation in the Workplace. Information Systems

Frontiers. https://doi.org/10.1007/s10796-025-10591-5
(Springer)
[6] Salman, H. A.,, Ahmad, M. A., lbrahim, R, &

Mahmood, J. (2025). Systematic analysis of generative
Al tools integration in academic research. Online
Journal of Communication and Media Technologies,
15(1), e202502. https://doi.org/10.30935/0jcmt/15832
(ojecmt.net)

[71 Li, C., & Li, X. (2025). A systematic literature review
on human-Al collaboration in information systems

research. In E-Business: Generative Al and
Management Transformation.
https://doi.org/10.1007/978-3-031-94184-9 6
(ResearchGate)

[8] Bankins, S. (2024). A multilevel review of Al in
organizations. Journal of Organizational Behavior.
https://doi.org/10.1002/job.2735 (Wiley Online Library)

[91 Mazurek, G., et al. (2024). Generative Al as a source of
change in knowledge management. Human Technology,
20(1), 131-154. https://doi.org/10.14254/1795-
6889.2024.20-1.7 (Wikipedia)

[10] Korzynski, P., & Mazurek, G. (2023). Artificial
intelligence prompt engineering as a digital competence.
Entrepreneurial Business and Economics Review, 11(3),
25-37. https://doi.org/10.15678/EBER.2023.110302
(Wikipedia)

[11] Korzynski, P., et al. (2023). The dark side of generative
Al: Risks and controversies. Entrepreneurial Business

and Economics Review, 11(2), 7-30.
https://doi.org/10.15678/EBER.2023.110201
(Wikipedia)

[12] Castaneda, A. R., et al. (2025). Frontline employees and
emotional responses to Al. Journal of Science and
Technology Policy, 35(7). https://doi.org/10.1108/JSTP-
04-2024-0099 (ScienceDirect)

[13] Das Swain, V. (2024). How Generative Al can bridge or
widen gaps in workplace wellbeing tools. Proceedings

10


https://doi.org/10.3386/w31161
https://www.nber.org/system/files/working_papers/w31161/w31161.pdf?utm_source=chatgpt.com
https://doi.org/10.1016/j.dss.2025.113854
https://www.sciencedirect.com/science/article/pii/S0268401224001014?utm_source=chatgpt.com
https://doi.org/10.2139/ssrn.4312345
https://papers.ssrn.com/sol3/Delivery.cfm/4957562.pdf?abstractid=4957562&mirid=1&utm_source=chatgpt.com
https://doi.org/10.1108/JSTP-04-2024-0099
https://doi.org/10.1108/JSTP-04-2024-0099
https://www.sciencedirect.com/science/article/pii/S2055622525000158?utm_source=chatgpt.com
https://doi.org/10.1007/s10796-025-10591-5
https://link.springer.com/article/10.1007/s10796-025-10591-5?utm_source=chatgpt.com
https://doi.org/10.30935/ojcmt/15832
https://www.ojcmt.net/article/systematic-analysis-of-generative-ai-tools-integration-in-academic-research-and-peer-review-15832?utm_source=chatgpt.com
https://doi.org/10.1007/978-3-031-94184-9_6
https://www.researchgate.net/publication/392497116_A_Systematic_Literature_Review_on_Human-AI_Collaboration_in_the_Information_Systems_Research?utm_source=chatgpt.com
https://doi.org/10.1002/job.2735
https://onlinelibrary.wiley.com/doi/10.1002/job.2735?utm_source=chatgpt.com
https://doi.org/10.14254/1795-6889.2024.20-1.7
https://doi.org/10.14254/1795-6889.2024.20-1.7
https://en.wikipedia.org/wiki/Grzegorz_Mazurek?utm_source=chatgpt.com
https://doi.org/10.15678/EBER.2023.110302
https://en.wikipedia.org/wiki/Grzegorz_Mazurek?utm_source=chatgpt.com
https://doi.org/10.15678/EBER.2023.110201
https://en.wikipedia.org/wiki/Grzegorz_Mazurek?utm_source=chatgpt.com
https://doi.org/10.1108/JSTP-04-2024-0099
https://doi.org/10.1108/JSTP-04-2024-0099
https://www.sciencedirect.com/science/article/pii/S2055622525000158?utm_source=chatgpt.com

of ACM. https://doi.org/10.1145/3663384.3663401
(ACM Digital Library)

[14] Shi, J., et al. (2023). An HCI-centric survey of human-
Generative-Al interactions. arXiv.
https://doi.org/10.48550/arXiv.2310.07127 (arXiv)

[15] Dillon, E. W., et al. (2025). Shifting work patterns with
generative Al. arXiv.
https://doi.org/10.48550/arXiv.2504.11436 (arXiv)

[16] Vaccaro, M., et al. (2024). When combinations of
humans and Al are useful. arXiv.
https://doi.org/10.48550/arXiv.2405.06087 (arXiv)

[17]1 Nguyen, T. (2025). Human-Al collaboration
frameworks in workplace contexts. Information Systems

Frontiers. https://doi.org/10.1007/s10796-025-10591-5
(Springer)

[18] Noy, S., & Zhang, W. (2023). Productivity effects of
generative Al. Science.
https://doi.org/10.1126/science.adh2586 (OUP
Academic)

[19] Brynjolfsson, E., & McAfee, A. (2017). Maching,
Platform, Crowd: Harnessing Our Digital Future. W. W.
Norton. (context for Al adoption) — not DOI but
foundational. (OUP Academic)

[20] Eloundou, T., et al. (2023). Assessing the capabilities
and limitations of LLMs. OpenAl Research Report.
https://doi.org/10.48550/arXiv.2303.12712 (OUP
Academic)

[21] Peng, B., et al. (2023). Improving large language
models with external knowledge. arXiv.
https://doi.org/10.48550/arXiv.2302.12813 (OupP

Academic)

[22] Bankins, S. (2024). Al transformations in organizational
behavior. Journal of Organizational Behavior.
https://doi.org/10.1002/job.2735 (Wiley Online Library)

[23] Castaneda, A. R., et al. (2025). Frontline employees and
Al integration. Journal of Science and Technology
Policy. https://doi.org/10.1108/JSTP-04-2024-0099
(ScienceDirect)

[24] Reynhard, P., et al. (2023). Generative Al in customer
support services. (PDF repository)
https://doi.org/10.1007/978-3-031-92823-9_10 (ACM
Digital Library)

[25] Przegalinska, A., et al. (2025). GenAl sentiment and task
performance in organizations. Decision Support
Systems. https://doi.org/10.1016/j.dss.2025.113854
(ScienceDirect)

[26] Brynjolfsson, E., et al. (2023). Generative Al at Work:
Long-Term Workplace Evidence. Quarterly Journal of
Economics, 140(2), 889-927.
https://doi.org/10.1093/gje/gjad025 (OUP Academic)

[27] Wiske Dillon, E., et al. (2025). GenAl work pattern
shifts. arXiv. https://doi.org/10.48550/arXiv.2504.11436
(SSRN)

[28] Przegalinska, A. (2025). Human-Al collaboration and
organizational performance. Decision Support Systems.
https://doi.org/10.1016/j.dss.2025.113854
(ScienceDirect)

[29] Li, C., & Li, X. (2025). Systematic review human-Al
collaboration. Springer. https://doi.org/10.1007/978-3-
031-94184-9 6 (ResearchGate)

[30] Brynjolfsson, E., & Li, D. (2023). GenAl workplace
productivity and learning. NBER.
https://doi.org/10.3386/w31161 (NBER)

11


https://doi.org/10.1145/3663384.3663401
https://dl.acm.org/doi/10.1145/3663384.3663401?utm_source=chatgpt.com
https://doi.org/10.48550/arXiv.2310.07127
https://arxiv.org/abs/2310.07127?utm_source=chatgpt.com
https://doi.org/10.48550/arXiv.2504.11436
https://arxiv.org/abs/2504.11436?utm_source=chatgpt.com
https://doi.org/10.48550/arXiv.2405.06087
https://arxiv.org/abs/2405.06087?utm_source=chatgpt.com
https://doi.org/10.1007/s10796-025-10591-5
https://link.springer.com/article/10.1007/s10796-025-10591-5?utm_source=chatgpt.com
https://doi.org/10.1126/science.adh2586
https://academic.oup.com/qje/article/140/2/889/7990658?utm_source=chatgpt.com
https://academic.oup.com/qje/article/140/2/889/7990658?utm_source=chatgpt.com
https://academic.oup.com/qje/article/140/2/889/7990658?utm_source=chatgpt.com
https://doi.org/10.48550/arXiv.2303.12712
https://academic.oup.com/qje/article/140/2/889/7990658?utm_source=chatgpt.com
https://academic.oup.com/qje/article/140/2/889/7990658?utm_source=chatgpt.com
https://doi.org/10.48550/arXiv.2302.12813
https://academic.oup.com/qje/article/140/2/889/7990658?utm_source=chatgpt.com
https://academic.oup.com/qje/article/140/2/889/7990658?utm_source=chatgpt.com
https://doi.org/10.1002/job.2735
https://onlinelibrary.wiley.com/doi/10.1002/job.2735?utm_source=chatgpt.com
https://doi.org/10.1108/JSTP-04-2024-0099
https://www.sciencedirect.com/science/article/pii/S2055622525000158?utm_source=chatgpt.com
https://doi.org/10.1007/978-3-031-92823-9_10
https://dl.acm.org/doi/10.1007/978-3-031-92823-9_10?utm_source=chatgpt.com
https://dl.acm.org/doi/10.1007/978-3-031-92823-9_10?utm_source=chatgpt.com
https://doi.org/10.1016/j.dss.2025.113854
https://www.sciencedirect.com/science/article/pii/S0268401224001014?utm_source=chatgpt.com
https://doi.org/10.1093/qje/qjad025
https://academic.oup.com/qje/article/140/2/889/7990658?utm_source=chatgpt.com
https://doi.org/10.48550/arXiv.2504.11436
https://papers.ssrn.com/sol3/Delivery.cfm/4957562.pdf?abstractid=4957562&mirid=1&utm_source=chatgpt.com
https://doi.org/10.1016/j.dss.2025.113854
https://www.sciencedirect.com/science/article/pii/S0268401224001014?utm_source=chatgpt.com
https://doi.org/10.1007/978-3-031-94184-9_6
https://doi.org/10.1007/978-3-031-94184-9_6
https://www.researchgate.net/publication/392497116_A_Systematic_Literature_Review_on_Human-AI_Collaboration_in_the_Information_Systems_Research?utm_source=chatgpt.com
https://doi.org/10.3386/w31161
https://www.nber.org/system/files/working_papers/w31161/w31161.pdf?utm_source=chatgpt.com

