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Abstract - The psychological well-being of students in India has emerged as a national concern, with growing evidence from 

media reports, institutional observations, and statistical trends indicating rising stress, anxiety, and sociality. This study 

synthesizes Telugu media content, National Crime Records Bureau (NCRB) data, institutional reports, and a primary survey of 

225 teachers and parents to examine the psychosocial stressors affecting Indian students. A mixed-method analytical approach 

was used, integrating descriptive statistics, chi-square goodness-of-fit tests, confidence intervals, and socio-psychological 

theoretical frameworks. Results reveal a 64% increase in student suicides between 2013 and 2022, an estimated 35 suicides 

daily, and exam pressure as the dominant stressor (60%). Survey findings indicate that 78.2% of respondents frequently 

observe student stress, 78.2% report increasing stress levels, and 68.9% state that no formal mental-health support system 

exists in institutions. Chi-square tests confirm statistically significant non-uniform patterns in stress observations, stress 

growth, stressors, support systems, and need for scientific interventions (p < 0.001). The findings, contextualized with recent 

Supreme Court directives on student mental health, underscore the urgent need to integrate structured stress-reduction 
programs, institutional counseling, and policy-level mental-health frameworks in educational settings. The study concludes 

that student stress in India constitutes a public mental-health emergency requiring immediate academic, familial, and policy 

interventions. 
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1. Introduction  
In the digital era, rapid technological advancement, academic pressure, career uncertainty, and constant exposure to social 

media have significantly increased stress levels among youth. Adolescents and young adults today navigate complex academic, 

social, and emotional challenges while adapting to an always-connected digital environment. Traditional stress management 

approaches such as counseling, workshops, and self-help program soften face limitations related to accessibility, 

personalization, and scalability. This growing gap highlights the need for innovative, technology-driven solutions that can 

proactively support youth mental health.  

 

Artificial Intelligence (AI) has emerged as a transformative tool in healthcare and education, offering intelligent, adaptive, 

and data-driven interventions. An AI-enabled learning model for smart stress management leverages machine learning, natural 

language processing, and behavioral analytics to identify stress patterns, assess emotional well-being, and provide personalized 

coping strategies. Unlike conventional methods, AI systems can continuously learn from user interactions, enabling real-time 
feedback, customized stress-reduction exercises, and early detection of mental health risks. 

 

Smart stress management systems integrate digital platforms such as mobile applications, chatbots, wearable sensors, and 

e-learning modules to create an interactive and supportive mental health ecosystem. These systems empower youth to develop 

self-awareness, emotional regulation, and resilience while maintaining privacy and autonomy. By combining psychological 

principles with intelligent technologies, AI-enabled models promote preventive mental healthcare rather than reactive 

treatment. 

 

This study explores the concept of Smart Stress Management through an AI-enabled learning framework, focusing on its 

relevance, structure, and potential impact on youth mental health. It aims to highlight how intelligent systems can enhance 

accessibility, personalization, and effectiveness of stress management interventions, thereby contributing to healthier, 

emotionally balanced youth in the digital age. 
 

Recent media reports across Telugu news outlets highlight a worrying escalation in psychological stress, mental-health 

disturbances, and suicidality among school and college students in India. The news clippings collectively portray a 

multidimensional mental-health crisis shaped by academic pressure, competitive recent media reports across Telugu news 

outlets highlight a worrying escalation in psychological stress, mental-health disturbances, and suicidality among school and 

college students in India. The news clippings collectively portray a multidimensional mental-health crisis shaped by academic 

pressure, competitive examination systems, digital dependence, social isolation, and inadequate institutional support. These 
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articles gain significance in the context of ongoing judicial scrutiny, including recent deliberations in the Supreme Court of 

India regarding the rising number of student suicides in coaching hubs and higher-education environments. 

  

This study explores the concept of Smart Stress Management through an AI-enabled learning framework, focusing on its 

relevance, structure, and potential impact on youth mental health. It aims to highlight how intelligent systems can enhance 

accessibility, personalization, and effectiveness of stress management. 

 

2. Supreme Court Observations and National Context 
The Supreme Court expressed deep concern over the mounting number of student suicides, particularly in competitive exam 

preparation centers. According to the reported proceedings: 

 The Court noted that over 15 students die by suicide every month in some academic clusters. 

 It emphasized that education, originally meant to nurture personal and intellectual growth, has become a source of 

chronic psychological distress. 

 The Court sought reports on what preventive mechanisms institutions have in place to address mental-health risks. 

 

The articles further mention that the government allocated significant funds to upgrade academic environments and 

improve student well-being, recognizing that stress reduction requires systemic change. 

 

This judicial attention reflects a broader national alarm regarding academic stress. 

 

3. Major Stressors Identified in Schools and Colleges 
The Telugu reports provide detailed explanations of academic and psychosocial burdens affecting students: 

 

3.1. Academic Overload and Competitive Pressure 

 Students face excessive study hours, repetitive test cycles, pressure to secure top ranks, and frequent assessments. 

 In some institutions, daily study schedules exceed 10–12 hours, diminishing rest and recreation. 

 Parents, teachers, and private coaching systems inadvertently reinforce a performance-centric culture, leaving little 

room for emotional resilience. 

 

3.2. Inadequate Sleep and Irregular Routines 
Several articles emphasize: 

 Students, particularly adolescents, are increasingly sleep-deprived. 

 Insufficient sleep is linked to impaired attention, irritability, poor academic performance, and increased susceptibility 

to psychological disorders such as anxiety and depression. 

 

3.3. Digital Addiction and Screen Overexposure 

Another major theme is the growing digital dependence: 

 Excessive use of smart phones and digital entertainment contributes to cognitive overload, attention fragmentation, 

and social withdrawal. 

 Exposure to unrealistic social-media standards worsens feelings of inadequacy. 

 Children aged 10–17 show increasing emotional instability correlating with extensive screen time. 
 

3.4. Family Environment and Communication Deficits 

The clippings highlight: 

 Emotional disconnect within families due to busy lifestyles. 

 Lack of time for parents to engage meaningfully with children. 

 Over-expectation and comparison with high-achievers, worsening stress. 

 

3.5. Physiological and Behavioral Manifestations 

Students experience: 

 Headaches, fatigue, appetite changes 

 Mood swings, irritability, withdrawal from activities 

 Reduced academic interest, lack of motivation 

 Declining physical activity and increased sedentary behavior 

 

 

 

 



Dr.TrinadhaRaoChalla Ph.D & Dr. Vamsi Krishna Raja Ph.D. / 9th International Conference on Artificial Intelligence, Language 

Learning Models, and Bioinformatics Applications, 78-85, 2025 
 

80 

4. Trend Analysis Based on Secondary Data 
4.1. NCRB Suicide Trends 

Table 1: Comparative Analysis of Student Suicide Cases in 2013 and 2022 

Year Number of Student Suicides 

2013 6,654 

2022 13,044 

 

Percentage increase (2013–2022): 64% 

Daily suicide rate: ≈35 students per day. 

 

4.2. Prevalence Trends from Institutional & National Surveys 

 Depression: 1 in 5 students (20%) 

 Anxiety: 1 in 4 students (25%) 

 Mental disorders: 1 in 10 school children (10%) 

 Exam stress: 81% (NCPCR) 

 Stress prevalence among adolescents ranges 20%–81%, significantly higher than global norms. 

 

5. Mental-Health Professionals’ Insights 
Based on the clippings featuring psychologists and counselors: 

 There is a sharp rise in clinical depression, generalized anxiety, and panic disorders among adolescents. 

 Children aged 7–14 display early symptoms of emotional imbalance. 

 Teens aged 15–21 are particularly vulnerable due to transitional developmental phases and competitive pressures. 

 
Professionals emphasize: 

 Early identification 

 Regular counseling 

 Emotional literacy training 

 Peer-support programs 

 Reduced academic burden 

 Stronger school-based mental-health frameworks 

 

6. Institutional Responsibilities and Emerging Reforms 
The texts indicate several policy suggestions: 

 Mandatory counseling units in educational institutions 

 Regulation of coaching centers to prevent extreme academic burden 

 Caps on daily study hours and test frequency 

 Mental-health audits in schools and colleges 

 Teacher training to detect early signs of emotional distress 

 Integration of emotional-well-being programs into the curriculum 
 

The Supreme Court’s involvement is expected to drive more accountability and systemic reform. 

 

7. Socio-Psychological Interpretation 

Based on the synthesized material, three theoretical perspectives emerge: 

 

7.1. Stress–Vulnerability Model 
Students with pre-existing psychological vulnerabilities are more likely to become overwhelmed when environmental 

stressors academic load, digital exposure, interpersonal issues accumulate. 

 

7.2. Cognitive–Behavioral Perspectives 

Distorted thinking patterns (“I must always be the best”, “failure means worthlessness”) are reinforced by family and 

institutional pressures, heightening anxiety and depression 

 

7.3. Social–Ecological Frameworks 

Stress arises not from academics alone, but from the interaction of multiple factors: 

 Family expectations 

 Peer comparison 

 Institutional competitiveness 
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 Technology-driven lifestyles 

 Insufficient public-health mechanisms 

 

8. Methodology 
8.1. Data Sources 

 Media reports (Telugu news outlets) 

 NCRB database 

 National-level mental-health surveys (NIMHANS, WHO, UNICEF, NCPCR) 

 Primary survey from 225 teachers and parents 

 Qualitative insights from psychologists 

 

8.2. Statistical Tools 

 Frequency and percentage analysis 

 Chi-square goodness-of-fit tests 

 95% confidence intervals 

 Trend analysis 

 

9. Results 
9.1. Descriptive Statistics (N = 225) 

Q1: Frequency of Stress Observation 

 Very frequently: 37.8% 

 Frequently: 40.4% 

→ Total: 78.2% 
 

Q2: Change in Stress Levels 

 Increased significantly/moderately: 78.2% 

Q3: Primary Stressor 

 Exam pressure: 60% (dominant) 

Q4: Support Systems 

 No system: 68.9% 

Q5: Need for Scientific Stress-Management Course 

 Absolutely yes / Yes: 91.1% 

 

10. Frequency & Percentage Analysis (Descriptive Statistics) 
Q1. Observation of Academic Stress 

Option Frequency Percentage 

Very Frequently 85 37.8% 

Frequently 91 40.4% 

Occasionally 40 17.8% 

Rarely 9 4.0% 

Interpretation: 78.2% observe stress frequently or very frequently → high stress visibility. 

 

Q2. Increase in Stress during Last 1–2 Years 

Option Frequency Percentage 

Increased significantly 92 40.9% 

Increased moderately 84 37.3% 

No major change 39 17.3% 

Decreased 10 4.4% 

Interpretation: 78.2% report an increase → stress growth trend confirmed. 

 

Q3. Common Source of Stress 

Option Frequency Percentage 

Exam pressure 135 60.0% 

Assignments 20 8.9% 

Absolutely Yes 156 69.3% 

Parental expectations 50 22.2% 

Social/media distractions 15 6.7% 

All of the above 5 2.2% 
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Interpretation: Exam pressure = primary stressor. 

 

Q4. Existing Support System 

Option Frequency Percentage 

Yes – Well-structured 0 0% 

Basic sessions 20 8.9% 

Ad-hoc guidance 50 22.2% 

No system 155 68.9% 

 

Interpretation: 68.9% institutions have no formal system → huge intervention gap. 

 

Q5. Need for Scientific Stress Reduction Course 
Interpretation: 91.1% demand a scientific course → overwhelming need. 

 

11. Inferential Analysis 
11.1. Chi-Square Reasoning (Observed vs. Expected Stress Rates) 

Expected global adolescent stress prevalence: 15% 

 

Observed Indian prevalence estimates: 

Source Prevalence 

NIMHANS 23% 

NCPCR (Exam Stress) 81% 

WHO 13% 

UNICEF 14% 

 

 When compared with the expected value (15%), at least two sources (23% and 81%) show significant deviation, indicating 

Indian students experience far above global expected stress levels. 

 

Though exact χ² statistics require raw N data, the deviation is statistically substantial. 

 

12. Basic descriptive statistics 
From a sample of 225 teachers/parents: 

 Q1 (how often stress is observed): Very Frequently 85, Frequently 91, Occasionally 40, Rarely 9. 

 Q2 (change in complaints): Increased significantly 92, Increased moderately 84, No major change 39, Decreased 10. 

 Q3 (main stress source): Exam pressure 135, Assignments 20, Parental expectations 50, Social/media 15, All of the 

above 5. 

 Q4 (existing program): Well-structured 0, Basic sessions 20, Ad-hoc guidance 50, No system 155. 

 Q5 (need for scientific system): Absolutely yes 156, Yes 49, Maybe 20, Not necessary 0. 

 

Results of Chi-Square Goodness-of-Fit Tests for Survey Questions (Q1–Q5) 

 χ² statistic p-value Interpretation 

Q1 ≈ 80.55 ≈ 2.34×10⁻¹⁷ Strongly non-uniform: high frequency of “Very frequently” and “Frequently”. 

Q2 ≈ 79.73 ≈ 3.51×10⁻¹⁷ Strongly non-uniform: clear increase in complaints. 

Q3 ≈ 250.00 ≈ 6.51×10⁻⁵³ Strongly non-uniform: exam pressure dominates as stress source. 

Q4 ≈ 253.67 ≈ 1.05×10⁻⁵⁴ Strongly non-uniform: “No system” heavily dominates. 

Q5 ≈ 257.44 ≈ 1.61×10⁻⁵⁵ Strongly non-uniform: overwhelming support for a scientific system. 

 

12.1. Goodness-of-fit chi-square tests 

Use one-sample chi-square goodness-of-fit tests to check whether responses are evenly distributed across options or show 
a strong preference. 

 Null hypothesis (H₀): Responses are uniformly distributed across options. 

 

Alternative (H₁): Responses are not uniformly distributed (there is a pattern or preference). 

 

Illustrative test results (vs uniform distribution): 

 Because p-values are extremely small (p < 0.001), you can reject H₀ for all questions and conclude that responses 

show clear, statistically significant patterns. 
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13. Discussion 
The collective evidence demonstrates that student stress in India is driven by academic overload, competitive culture, 

digital overexposure, and diminished emotional support at home and institutions. The marked increase in suicides (64% in a 

decade) and high prevalence of stress (20–81%) confirm a severe mental-health crisis. 

 

The primary data strengthens this understanding, showing: 

 High observation of stress 

 Sharp increase in complaints 

 Exam pressure as the dominant stressor 

 Severe lack of structured support 

 

These patterns align with global psychological theories and reinforce the need for multi-level interventionsindividual, 
familial, institutional, and policy-driven. 

 

AI-Enabled Stress Education for a Student Mental-Health Crisis: “The Art of Stress Relief  Essential Tips for Exam Pressure” 

India is confronting a severe student mental-health crisis, with more than 13,000 student suicides recorded in 2022 alone and a 

64% rise in student suicides over the last decade. National surveys report that over 80% of school students experience anxiety 

from studies and examinations, while approximately 23% of  India is confronting a severe student mental-health crisis, with 

more than 13,000 student suicides recorded in 2022 alone and a 64% rise in student suicides over the last decade. National 

surveys report that over 80% of school students experience anxiety from studies and examinations, while approximately 23% 

of school children show significant mental-health problems such as anxiety and depression. Recent Supreme Court guidelines 

(2025) now mandate that schools, colleges, and coaching institutes adopt structured mental health policies, appoint counsellors, 

and conduct regular wellbeing programs, underscoring the urgent need for scalable, evidence-based interventions. 

 
In response, Stress less Station presents an AI-designed, scientifically structured video course, “The Art of Stress Relief  

Essential Tips for Exam Pressure”, tailored for students in a post-pandemic, digitally saturated world. The course translates 

global research in psychology, neuroscience, and yoga into six high-impact modules, each co-designed and optimized with 

artificial intelligence for engagement, clarity, and practical application. AI tools are used at multiple stages: curriculum design 

(topic mining from evidence and policy documents), script generation, adaptive difficulty tuning, attention-aware pacing, 

analytics dashboards for teachers, and AI-generated visualizations of stress mechanisms and coping techniques. 

 

13.1. Module 1: Understanding Stress (Neurobiology + AI Visualisation) 

This module explains what stress is, how it affects the brain and body, and why exam pressure, parental expectations, and 

social comparisons trigger anxiety. AI-generated animations and simulations visually demonstrate how stress hormones such as 

cortisol influence memory, focus, and exam performance, converting abstract neuroscience into intuitive “see-and-feel” 
experiences for teenagers. 

 

13.2. Module 2: Lifestyle Management for Stress Reduction 

Students learn how sleep, hydration, physical activity, time management, and controlled screen-time shape their stress 

levels and emotional resilience. AI-driven behavioral scenarios and interactive quizzes help learners reflect on their current 

routines and receive personalized suggestions, aligning with new policy expectations for schools to monitor wellbeing and 

academic pressure. 

 

13.3. Module 3: Nutrition and Stress 

Using AI-assisted info graphics and scenario based micro lessons, this module shows how certain foods stabilize mood, 

energy, and concentration, while others worsen anxiety, especially during exams. Students are guided to build simple, 

affordable “exam-smart” meal patterns that support cognitive performance and emotional balance. 

 

13.4. Module 4: Breathing Exercises for Stress Relief 

Evidence based practices such as Box Breathing, Bhramari, and Anulom-Vilom are taught through AI-generated pose 

guides, synchronized breathing timers, and adaptive voice instructions. The course can integrate with basic sensors (camera or 

wearable-data platforms) to provide feedback on breathing pace and consistency, reinforcing regular practice and helping 

students down-regulate physiological arousal. 

 

13.5. Module 5: Stress Reduction Techniques Mind, Emotions, and Cognition 

This module offers progressive muscle relaxation, mindfulness, journaling, and simple cognitive reframing techniques to 

handle exam fear, negative self-talk, and peer pressure. AI-supported journaling prompts, sentiment analysis, and 

mood-tracking dashboards enable students and counsellors to observe emotional patterns over time, promoting early detection 
of distress and personalization of support. 
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13.6. Module 6: Stress Reduction Techniques Yoga Asanas 

Scientifically supported yoga postures that help regulate the autonomic nervous system are demonstrated through 

AI-generated 3D models and guided sequences. Pose-correction cues and modular micro-routines (5–10 minutes) are designed 

for classrooms, hostels, and home practice, making yoga-based stress regulation accessible without needing advanced 

equipment or in person trainers. 

 

13.7. Relevance for the Present and Future 

In the present post pandemic era, where hybrid learning, social isolation, competitiveness, and digital overload heighten 

psychological vulnerability, conventional awareness lectures are not enough. This AI-enabled course offers a scalable, 

data-informed, and culturally rooted solution: institutions can deploy it as part of their mandatory mental health framework, 

while counsellors can use integrated analytics to identify at-risk students and reinforce protective habits. 

 

By fusing ancient practices (yoga, breathing, lifestyle discipline) with contemporary AI technologies, “The Art of Stress 

Relief” demonstrates how artificial intelligence can be used not only to automate content, but to amplify compassion, 

prevention, and resilience in student communities worldwide. 

 

14. Conclusion 
The study establishes that student stress in India constitutes a public mental-health emergency. The sharp rise in suicides, 

combined with high prevalence of stress, anxiety, and emotional disorders, highlights systemic failures in academic 

environments. Empirical data from educators and parents confirms widespread stress, increasing psychological complaints, and 

inadequate institutional support mechanisms. 
 

Judicial interventions, especially the Supreme Court’s mandatory guidelines, further validate the gravity of the crisis. 

Comprehensive solutions must include structured stress-management programs, counseling units, emotional literacy education, 
family communication enhancement, and regulated academic practices. 

 

Implementing scientific stress-reduction programssuch as structured courses, mindfulness training, and resilience-building 

modulescan significantly mitigate risk and support student well-being. Immediate action is essential to protect the 

psychological health of India’s student population and prevent avoidable loss of life. 
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